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ABSTRACT

This study uses 2010 Employment and Informal Sector Survey in Cameroon to investigate wage
differentials in urban labor market in order to identify the potential existence of discrimination
on that market. For that we use an endogenous switching model corrected for the working
decision selection process and we run an Oaxaca decomposition to identify the two parts of the
differentials: the first explained by the difference in characteristics and the second unexplained
and attributed to discrimination. The results indicate that there is a significant differential
between male workers salaries and female ones in the two sectors and that the discrimination
accounts for 78% of the differential in the formal sector and 34% in the informal sector.

Key words: gender, discrimination ,wages, formal sector, informal sector, selection bias
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1. Introduction
Gender discrimination issues have been of great interest for economists over the past decades as
it is a source of labour market imperfection. The starting point is Becker’s 1957 book “The
economics of discrimination” where he developed a ‘taste-based’ discrimination model. In this
model, he argued that minority workers have to compensate employers by accepting lower
wage for identical productivity. Another theory took rise about two decades later on ‘statisticalbased’ discrimination. The idea here is that firms have limited information about skills of job
applicants and they use easily observable characteristics such as race or gender to infer the
expected productivity of applicant. In labour markets in general both types of discrimination
coexist. In developing countries context in particular, the major discriminatory factor is sex
mainly related to culture and traditions which assumes women to play a secondary role in the
society. The complexity of the labour market structure (segmentation into formal and informal
sectors and occupational segregation) makes the task of identification of the problem even more
difficult.
In Cameroon as in many other Sub-Saharan countries, governments are concerned about the
issue of development and therefore put the labour market at the centre of attention. In the
perspective of more effective use of human capital potential, analysis of discrimination is an
element not to be neglected as it is linked to the total productivity of the country and to
poverty.
The fact that women are disadvantaged in the labour market does not itself mean that there is
discrimination. What is harder to explain is the source of the disadvantages they face. These
disadvantages that women faces are on several ground: the human capital, the level of
unemployment, the access to certain types of work, the access to capital (very relevant in
developing countries context were people are mostly self-employed in the informal sector) and
several others; but the most obvious is the difference in earnings.
We intend in this paper to: first estimated the size of the differential in earnings, second identify
the part of this differential which is related to discrimination and provide justification of the
results and policy recommendations on this regard. We will focus on the urban area in
Cameroon because the rural area is homogeneous and is focused on the agricultural activities; so
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taking it in our estimation will biased them. We will take into account the coexistence of the
two sectors, formal and informal and correct for the selection process in the labour market.
Practically we will estimate a Mincerian equation for men and women correction for the double
selection biases: the first resulting from the selection in the labour market and the second
resulting from the selection in the formal sector. And then we will use the Oaxaca
decomposition to determine the size of the differential which is related to discrimination.

2. Literature review
Wage gap is a common feature in the labor market around the world has spawned a rich
literature on its development and sources. On one hand, it is important to specify the
determinants of wage which can be used to narrow the gap. On the other hand, it is crucial to
find the explanations to quantify significant wage differences between the groups which are not
justified by differential productivity and human capital investment. This unexplained part is
mainly referred to as discrimination. Thus it is important through various policies and regulatory
measures to reduce the non-human capital and productivity related portion of the wage gap.
At the theoretical level there are three main economic genres regarding wage differential. One
is the neoclassical theory stemming from the work of Becker (1957) which suggests that the
prejudice is expressed in a discriminatory taste on the part of employers, workers and
consumers. The second one is focused on the statistical theory of discrimination (Aigner and
Cain, 1977). The premise of this one is that firms have limited information about the skills of the
job applicants. This gives them an incentive to use easily observable characteristics such as race
or gender, to infer the expected productivity of the applicants. The last one is the segmented
labor market approach, which can be traced back to the theory of non-competing groups in the
work of Mill (1885). This approach moves away from the concept of competitive labor market
and views the labor market as being split into sectors that are either dominated by male or
female workers respectively. An example of this approach is the “dual labor market”.
Theoretically whether it is better to view wage differential as an outcome of essentially
competitive situations or as a product of non-competing groups in the labor market is a
debatable point. Yet the segmented approach has an evident weakness in it. It cannot address the
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issues on how occupations are segregated and the reasons for discrimination to persist or to be
eroded over time.
The econometric investigation of discrimination started with Becker’s seminal study on
economics of discrimination in 1957. Since then, the proliferation of the use of micro data
enables economists to analyze the productivity of individuals. In particular, the decomposition
technique which was pioneered by Blinder (1973) and Oaxaca (1973) has frequently been
applied to data acquired from various countries and at time periods (For examples, see Wolf and
Petrela, 2004; Smith, 2002; Boraas and Rodgers, 2003; Bhandari and Heshmati, 2008; Jung and
Choi, 2004). This method determines how much wage differential between two groups is
attributed to the differences in the characteristic of each group where wage regressions are
estimated separately. Heshmati (2004a) and (2004b) give general reviews on the measurement
of inequality and its decomposition. Weichselbaumer (2005) provides a meta-analysis of the
international gender wage gap and Jone (1983) provides a critical comment on Blinder’s
method. Several changes have been made with respect to the original Blinder-Oaxaca method.
For instance, Reimers (1983) developed this model by taking account of possible selectivity bias
due to the distinction between the offered wages and the observed wages. He claimed that
discrimination, if affected the wage rate largely, it would influence the individual’s decision on
working participation. Therefore, the offered wage would be truncated and incidental as it
depends on another variable, namely, labor participation as a conditional variable. Cotton
(1988) reformulated the Blinder-Oaxaca model by further breakdown of the unexplained part,
so that both the discrimination imposed on the minority and the benefit bestowed on a majority
can be estimated. A more complicated transformation of this model was driven by Neumark
(1988), in which he considered the linkage of the Blinder-Oaxaca method to a theoretical model
on the employers’ discriminatory behavior.

3. Model specification
What we want to do is to estimate wage equations for formal and informal sector and for men
and women in each of these sectors. Then using the Oaxaca decomposition, we will determine
whether or not the discrimination plays a role in the differential observed.
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Let consider W1i et W2i as the monthly salary in the formal and in the informal sector
respectively. The wage equations to estimate are:
log W1i = X 1'i β1 + ε1i

(1)

log W2i = X 2' i β 2 + ε 2 i (2)

Where the Xi are the explanatory variables matrixes; β1 and β2 are the vectors of corresponding
coefficients; ε1 and ε2 are the error terms. In general estimates from these simple equations are
biased for two reasons. On one hand, there is a selection bias due to the fact that some people
are working (those that will be introduce in our regression) and other that are not working. This
bias will come from the fact that those working are not selected randomly; they don’t on
average have the same characteristics. Heckman (1979), using a two step approach, offered a
mean to correct this type of bias. On the other hand, once they decide to work, the sector is not
chosen randomly and this can lead to another bias that needs to be corrected (Maddala &
Nelson, 1975). Following Tunali (1986), we will take into account in our estimations both
potential biases.
Taking into account the fact that STATA already has a command, movestay,that allow us to
in one step to estimate the wage equations and the endogenous selection (selection in the
sector). We will follow a three steps methodology.
The first step is the modeling of the working decision. Let consider the following equation to
determine the working decision.

Pi* = Z pi' η p + ε pi (3)
P* is a latent variable; Zp is a vector of characteristics that explains the decision to work η p is a
vector of coefficients to be estimated and

is the error term. As far as a latent variable is not

observable, we define the dummy variable P such that:
Pi = 1

if Pi* > 0

Pi = 0

if Pi* ≤ 0
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So, an individual will decide to work (Pi = 1) if the utility gained from working is higher that the
utility of staying unemployed (P=0). We will estimate a probit model for the working decision
and the Inverted Mills Ratio λˆi , p = φ ( Z pi' ηˆ p ) / Φ ( Z pi' ηˆ p ) ,

and

being univariate density

function and distribution function respectively) taken from this step will be included as an
explanatory variable for the second step.
The second step is what is commonly called “endogenous switching model”. The selection into
the sector is different from the former one (decision to work or not). In fact, from the working
decision equation, we will observe only the wages of those who are working; they are indeed the
only ones to have a salary among the two groups. Whereas the wages of individuals working in
both sectors (subject of the second selection process) will be observed.
We consider the following equation for the choice of the sector:
Si* = Z si' η s + ε si (4)

Where S* is a latent variable, Zs a vector of characteristics that explains the choice of a sector ηs
is a vector of coefficients to be estimated and

is the error term. As we did for P*, we define a

dummy variable S such that:
Si = 1

if Si* > 0 : formal sector choice

Si = 0

if Si* ≤ 0 : informal sector choice

Considering that Yi is the log of wages, our wage equation can be rewritten as:
Yi = log W1i

if Si = 1

Yi = log W2 i if Si = 0

A probit equation will be used for the sector choice and from that we will have two correction
terms, one for the formal sector (equation (5)) and the other for the informal sector (equation
(6)).
λˆi , s = φ ( Z si' ηˆs ) / Φ ( Z si' ηˆs )

(5)

λˆi , s = −φ ( Z si' ηˆs ) / Φ (− Z si' ηˆs )

(6)

1

2

Taking into account these correction terms, equations (1) and (2) will be rewritten as:
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E (log w1i | X i' Pi = 1, S i = 1) = X 1,' i β 1 + σ 11 ρ 1ε p λˆi , p + σ 11 ρ 1ε s λˆi , s1 (7)

E (log w2 i | X i' Pi = 1, Si = 0) = X 2,' i β 2 + σ 22 ρ 2ε p λˆi , p + σ 22 ρ 2ε s λˆi , s2 (8)

A fundamental identification hypothesis for that model is that there should be at least one
variable in the matrix Z s that does not enter the matrix Z p and one variable in the matrix X
that does not enter the matrix Z s . Considering that the sex of an individual is random, we will
run three regressions for each of equation (7) and (8), one for the sector, one for men and one
for women.
The third step is the decomposition. The differential between men and women will be estimated
in each sector using the Oaxaca and Neuman decomposition (2002).
The gender wage gap in the formal sector can be expressed as:
'
log wm1 − log ww1 = ( X m1βˆm1 + σ m11ρm1ε p λˆm1, p + σ m11 ρm1ε s λˆm1,s1 )

−( X w1βˆw1 +σw11ρw1ε p λˆw1, p +σw11ρw1εs λˆw1,s1 )
'
'
'
= βˆm1 ( X m1 − X w1 ) + X w1 (βˆm1 − βˆw1 )

+ (σ m11ρm1ε p λˆm1, p − σ w11ρw1ε p λˆw1, p ) + (σ m11ρm1εs λˆm1,s1 − σ w11ρw1εs λˆw1,s1 )


And gender wage gap in the informal sector can be expressed as:
'
log wm2 − log ww2 = ( X m2 βˆm2 + σ m22 ρm2ε p λˆm2, p + σ m22 ρm2εs λˆm2,s 2 )

−( X w2βˆw2 +σ w22 ρw2ε p λˆw2, p +σ w22 ρw2εs λˆw2,s2 )
'

'

'

= βˆm2 ( X m2 − X w2 ) + X w2 (βˆm2 − βˆw2 )
+ (σm22ρm2ε p λˆm2, p −σw22ρw2ε p λˆw2, p ) + (σm22ρm2εs λˆm2,s1 −σw22ρw2εs λˆw1,s1)


Where the subscript m and w indicate men and women respectively, log w is the predicted
mean of the log of the wage, X the mean vector of characteristics, the vector of the estimated
coefficients and βˆ the estimated mean of the correction term. The mean of the correction term
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N

j

is estimated to λˆ = ∑ λˆi / N j . λˆi being the correction term and N j the total number of
i =1

observations for each sex.
As in the simple Oaxaca decomposition (1973), the term βˆ m ( X

'
m

− X

'
w

) , is the part of the

'

differential explained by the differences in characteristics. The term X w ( βˆ m − βˆ w ) is the part
of the differential attributed to discrimination; the answer of our research question depends on
the

significativity

of

this

term.

The

third

part

(σ m22 ρm2ε λˆm2, p − σ w22 ρw2ε λˆw2, p ) + (σ m22 ρm2ε λˆm2,s −σ w22 ρw2ε λˆw1,s1 ) will be moved to the
p
p
s
1
s


left hand side of the equation and we will have a selection corrected wage differential.
4. The data
The data we are going to use are those of the Survey on Employment and the Informal Sector
(SEIS) 2010 carried out by the National Institute of Statistics in Cameroon. This operation,
which covered the entire territory of Cameroon, consists of two phases: the first phase is an
employment survey to collect data on socio-demographic characteristics and employment; the
second phase is a survey of "businesses" led among non-agricultural informal units identified
during the first phase. This survey supports the analysis of the labour market, including business
conditions, formation of income, characteristics of unemployment and underemployment. For
our study, we will use the first phase that concerns 34314 individuals surveyed. We will also
focus on the urban area (18 111 individuals) because of the homogeneity of the rural area that
focuses on agricultural activities and we will work on the active population (7 777 individuals)
under the hypothesis that the inactive population is not concerned by wage issues because they
are not on the labour market. The age group of interest is 10 years old and above as working
activities done by children under 10 are not taken into account in this survey. Our main variable
of interest will be the wage from the principal activity as income of people can come from
several activities. The results presented take into account the weights to be representative of the
population.
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From the model defined above, we have three equations of interest: The working decision
choice, the sector choice and the wage equation. As we saw above, we should have at least one
explanatory variable in each of our equations of interest that does not enter in the two others.
4.1.

Explanatory variables for the working decision

This first equation of our model will take all the variables that can potentially explain the choice
between taking a job and staying unemployed. Those variables are personal and household
characteristics.
4.1.1.

Personal characteristics

Sex: The sex is a characteristic that will be included in our three equation of interest. At this step
(working decision), we can observe that women face a disadvantage at the entry of the labour
market. At the national level, the men activity rate is 74.1% and the women activity rate is
64.2%. The gap is even wider in urban area (67.2% for men and 52.2% for women). Women
also have less access to jobs. In fact the unemployment rate for women is 4.5% and 3.1% for
men at the national level and in the urban area the unemployment rate of women (10.8%) is
almost the double of men’s unemployment rate (5.8%). That disadvantage that women face at
the entry of the labour market and for the access to jobs can be attributed to the responsibility
women have in the household. She is the one generally cleaning the house, cooking and taking
care of children. These activities that are not paid when done by women belonging to the
household are not considered as labour market activities. They also prevent women from
entering the labour market or limit their access to job because they would prefer to work less
time than men, they would need more flexible jobs than men and even more leave than men
mainly when they are pregnant. This variable will take the value 1 for men and 0 for women and
we expect the probability to be employed to increase when sex=1.
Age: The age is also a determinant variable at every step of our modelisation. From the SEIS, we
see that the unemployment rate is the highest among young people (15 -34 years old); it is 6.0%
and 11.2% at the national level and in the urban area respectively. The access to jobs for this
category of people is more difficult because of their lack of experience. The more the
experience people will have, the easier will be their access to jobs. This will be a discrete
variable of completed years and we expect the probability to be employed to increase with age.
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Level of education: Cameroon faces a problem of mismatch between the educational system
and the labour market demand. In fact, the level of unemployment is increasing with the level of
education (see table 1 in annex). This is correlated to the low absorption of workers by the
formal sector. Educated people generally seek work in the formal sector and it is the only sector
where they can really put into contribution their knowledge. Meanwhile, as the results of the
survey suggest the supply of skilled labour is higher to the demand and this is more accurate in
urban sector where for example we have 14.7% of unemployment rate among higher education
products in urban area and 12.9% at the national level. Four dummy variables will be
introduced for the level of education, the level ‘no education’ is taken as the reference. We will
then have one dummy for the primary education, one dummy for the lower secondary, one
dummy for the upper secondary and another dummy for the higher education. We expect the
probability to be employed to decrease with the level of education as suggested by our data.
Relationship with the household head: The household head being the person responsible for
taking care of the household materially and financially, (s)he is generally the main bread winner
and thus the one needing the most a job. The earning that can come from the other members of
the household is generally complementary and for the personal needs. As we can see from our
data, the unemployment rate is the lowest for household heads (3.8% in urban area and 2.1% at
the national level). For spouses of household heads, it is 10.3% in urban area and 3.5% at
national level and it is even higher for the other members of the household.
Two dummy variables will be introduced in our regression for the relationship with the
household head: one for the household head and the second for the spouse of the household
head, the reference group being the others (children and other relatives).
4.1.2.

Household characteristics

Household size: The household size in Cameroon is 4.4, this size is reduced to 4 un urban area.
Generally, the more the number of persons in a household, the more the need for material and
financial means and so the more people would be motivated to find a job. This will be a discrete
variable of the number of persons in persons generally leaving in the household at the time of the
survey. This variable will be a discrete variable and we expect the probability to be working to
increase with the household size.
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Number of children under 10 years old: In 2010, the average number of children under 10
years old in the households was 1.4. This variable can have contrary effects on the employment
situation of the people living in the household. On one hand, as they need permanent care, they
need people to look after them at least at part time so at least one person in the household will
not work or will be looking for part time work which is not also easy to find (in the case the
family doesn’t have the means to pay for child care assistance). On the other hand, as they
increase the family size, the household might need more earnings to take care of them. This
second aspect will be already taken into account by the household size variable. So this variable
will only capture the negative impact on job access. This variable will be a discrete variable and
we expect the probability to have a job to decrease with the number of children and this
decrease will be more accurate for women.
4.2.

Explanatory variables for sector choice

The variables listed above (less the relationship with the household head) are also potential
explanatory variables for the sector choice. In addition to those variables we can have the activity
sector (primary, industry, trade and services).
4.2.1.

Personal characteristics

Sex: Sex is also determinant for sector choice. In fact because of the flexibility needed by women
on the labour market, especially for those who do not have means to pay for child care assistance
and for housewife, they will prefer to insert in the informal sector. From SEIS 2010, informal
sector activities are predominant, 90.4% of the working population is in that sector. This
percentage is higher for women (93.8% at the national level and 85.7% in urban area) than for
men (87.1% at the national level and 65.2% in urban area). We expect the probability of being
employed in formal sector to be higher for men than for women.
Age: The flexibility of the informal labour market allows young (15-34 years old) to find more
easily a job in the informal sector. As shown in our data, 50.6% of people working in the
informal sector belong to the age interval 15-34 years old. This proportion is even higher in
urban area (58.5%). These proportions are much lower in the formal sector. We expect the
probability of working in the formal sector to increase with age.
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Level of education: Informal sector activities in Cameroon as in general do not require long
studies; a large proportion of workers in the informal sector will have attended at most primary
education: 63.8% at national level and 39.8% in urban area. Whereas in the formal sector the
proportion of those that have attended at most primary education is only 12.9% at the national
level and 9.9% in the urban area. We then expect the probability of being in the formal sector to
increase with the level of education.
4.2.2.

Household characteristics

Household size: For the reasons listed above, the household size can influence positively the
choice to work in the informal sector. In fact, as the access to formal jobs is difficult, individual
in bigger households might be obliged to have an activity in order at least to contribute to the
welfare of the family so they will easily turn to informal sector activities where they can either
be an employee in a production unit or create their own production unit. So we expect the
household size to have a positive impact on the probability to work in the informal sector.
Number of children under 10 years old: The number of children under 10 years old can
influence the decision especially for women to work in the informal sector because of the
flexibility of working time prevailing in this sector. We expect the number of children under 10
years old to have a positive impact on the decision to work in the informal sector, and this
impact is also expected to be higher for women.
4.2.3.

Job Characteristics

Activity sector: The choice of the institutional sector (formal or informal) can also be related to
the sector of activity people want to exercise in. In fact whereas formal activities in urban area of
Cameroon are concentrated in the services sector (74.4%), informal activities are spread in all
the activity sectors. We expect then the fact of exercising in the services sector to impact
positively the probability of working in the formal sector. We will take the primary sector as the
reference and we will introduce three dummy variables for the industry, the trade and the
services.
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4.3.

Explanatory variables for the earning level

The sex of the individual, the level of education, the experience, the number of hours worked
per week, the nationality and the handicap are potential personal characteristics that can explain
the earning level. Job characteristics such as the activity sector, the enterprise size and the socio
professional characteristics are other potential explanatory variables of the level of earnings.
4.3.1.

Personal characteristics

Sex: Women in Cameroon earn less than men. In fact the average earning of women is CFA F1
24 795 and CFA F 48 220 at the national level and in urban area respectively. Whereas, men
earn on average CFA F 52 648 and CFA F 87 329 at the national level and in urban area. In
nominal term the earning gap in wider in urban area. We expect in our regression to have a
positive impact of sex=1 on our log wage.
Level of education: From the human capital theory, the wage is supposed to increase with the
level of education and our data confirms this theory. In fact at the national level and for the
urban area respectively, the average earning from the main activity is CFA F 17 680 and CFA F
41 007 for those without education, CFA F 25 960 and CFA F 42 582 for those with a primary
level of education, CFA F 38 742 and CFA F 54 372 for those with a lower secondary education,
CFA F 69 718 and CFA F 80 140 for those with an upper secondary education, CFA F 146 190
and CFA F 159 741 for those with a higher education level. We then expect to confirm this
positive impact of the level of education in our regression.
Experience: Experience is the second main explanatory variable of the level of earnings. It is
expected to have a positive impact on the level of earnings but in general this positive impact is
decreasing with the increasing number of years of experience. We will introduce two variables
to assess the impact of experience on the earnings: the variable experience and the variable
experience squared.
Number of hours worked per week: What can be expected as impact of number of hours
worked is ambiguous. In fact, for jobs paid hourly, the more the number of hours worked, the
more the person earns. But in the case of Cameroon, those working longer hours are not

1

1 Euro= 655.957 CFA F
14

necessary the most paid. In fact bosses that have the highest earnings are not those working
longest hours. Those working the longest hours are found among workmen and skilled
employees. This variable is a discrete variable and we have a priori no idea of the direction of the
impact on the earnings.
4.3.2.

Job characteristics

Activity sector: As for the sector choice, the primary sector is taken as the reference. The
estimated impact of the other activity sector is expected to be positive, the average earning in
the primary sector being the lower (CFA F 18 237 in urban area). As suggested by the mean
earning in each activity sector, we expect the impact of working in the services sector to be the
highest (the mean earning of this sector being CFA F 83 611 in urban area). It shall be followed
by the industry (the mean earning is CFA F 73 446 in urban area) sector and then the trade
sector (the mean earning is CFA F 62396 in urban area).
Enterprise size: As a big size enterprise is supposed to have more resources, it shall have higher
productivity and shall pay high salary to workers. It is the reason why we expect the impact of
the enterprise size to be positive on the salary. Taking the very small enterprises (up to 5
workers) as the reference, we will introduce four dummies: one for the small enterprises (6-20
workers), one for the medium size enterprises (21-50 workers) and another for the big
enterprises (above 50 workers).
Socio professional characteristic: The level of salary is very dependant of the position of the
person in the enterprise. In fact employers are the one earning the most in the formal as in the
informal sector. They are followed respectively by the executives, the skilled employees, the
own account workers, the workmen and the family helpers. Taking the family helpers group as
the reference, we will introduce five dummy variables for the socio professional characteristic:
one for the employers, one for the executives, one for the skilled employees, one for the own
account workers and a last one for workmen.
4.3.3.

Town characteristics

Capital city: Douala and Yaoundé are the economic and politic capital cities of Cameroon. The
level of development is far higher than in other parts of the country. A high cost of living and a
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high level of salary could be the consequences of this status of capital city. So we will introduce
in our regressions a dummy variable for the capital cities.
5. Estimations and results
Before we run our model, we have to notice that, as we are working with the logarithm of the
earnings, and taking into account the fact that there are some individuals in our data set, mainly
family helpers that earn zero CFA F in nominal terms, we will add CFA F 10 to every working
person in our data set. This sum is insignificant and will help us to maintain zero earning
individuals in our estimations.
5.1.

Working decision

All three regressions are significant (Prob > chi2 =0000). Men have a higher probability to be
employed than women and that probability is increasing with age on average. But when running
two separate regressions for men and women, we realise that, age doesn’t really have an impact
on the probability of being employed for men and that, that positive impact observed in the
general regression is pulled up by women.
For the level of education, on average, it makes no significant difference between having no
education, having a primary level of education and having a lower secondary education; and
moving above those levels (upper secondary and higher education) lowers the probability to be
employed. The higher education is the only level of education that makes a significant difference
in the working probability when we do regressions by sex. This is the consequence of the
structure of the labour market which does not have enough places for highly educated people.
In the household, being the household head increases the probability of being employed more
that for the other members of the household. The impact of being the household spouse is not
significant in the three regressions. As expected, the impact of the household size is significant
at the 5% level and positive in the general regression and in the regression for women. The
impact of the number of children below 10 years old is also significant at 5% level in the general
regression and in the regression for women as expected. For these two last variables, we can
conclude that the significant impact in the general regression is pulled by the female population.
This can be justified by the fact that, in general, as the size of the household is increasing, there is
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a need for a higher level of income and the additional income is in general brought by the wife.
For number of kids, the negative effect can be justified by the reason presented in the data
section with the additional comment that it concerns more the women than the men.
5.2.

Sector Choice

Contrary to our expectations, all else being equal, the probability to be employed in the formal
sector is higher for men than for women. Whatever the sex of the individual, the probability to
be working in the formal sector increases with the age.
The probability of working in the formal sector increases with the level of education
independently of the sex of the individual. The rate at which this probability increases is higher
for men than for women than for women. In fact when comparing the coefficients from
regression by sex, we realise that from one level to the following, the coefficient is multiplied by
1.5 or more for men and much less for women.
Household characteristics (household size and the number of children under 10 years old) do not
have significant impact on the probability to work in the formal sector. We don’t observe the
expected results here. Those expected results might have been already captured in the working
decision rather than the sector choice.
As compared to the primary sector, independently of the sex of the individual, working in the
other sectors increases the probability to be in the formal sector. The sector of services is the
most promising for formal sector activities, it is followed by industry and trade.
The inverse mills ratio, collected from the first regression has a significant coefficient in our
regression. This confirms that there would be a bias in the regression if the working decision was
not taken into account in our regressions.
5.3.
5.3.1.

Wage determinants
In the formal sector

All else being equal, the impact of the sex is not significant in the general regression. If we use
this general regression to assess the differential by sex, we shall conclude that the differential is
not significant. But this is under the assumption that the impact of the other variables is
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independent from the sex. We shall confirm or not this first result when decomposing the
differential.
Whatever the sex of the individual, the impacts of the level of education variables are significant
but negative. The wage level is decreasing with the level of education. This result is
contradictory to what the human capital theory says. On another hand, the impact of the
variables referring to the position in the enterprise is positive and increasing with the position in
the general regression and for men. From the lower to the higher impact, we have the
workmen, the skilled workers, and executives, own account workers and employers. For
women as compared to the two other regressions, the own account workers move to the last
position, the rest without change.
Experience presents here the expected results in the general regression and for men only: the
wage level increases at a decreasing rate with the number of years of experience. The impact of
experience is not significant for women. The number of hours worked in the formal sector
doesn’t impact significantly the level of wages. In fact, in general in Cameroun people are paid
on a monthly basis, and even when the extra hours are supposed to be paid, they are not.
All activity sectors included in our regression have negative coefficients contrarily to our
expectations. The impact of the enterprise size is only significant for large enterprise and in the
general regression and in the regression for men. For women, the size of the enterprise doesn’t
impact significantly the wage level.
On average, all else being equal, a person living and working in a capital city earn 13% more
than a person living in another part of the country. This rate is lower for men (12%) and higher
for women (17%). The coefficient of the Inverse Mills Ratio is significant and positive for all
three equations.
5.3.2.

In the informal sector

All else being equal, being a male makes a difference of about 24% in the wage as compared to
women. This suggests a wage differential between men and women in this sector.
None of the coefficients related to the level of education are significant whatever the sex. For
the position, all else being equal, employers have the highest salary, they are followed by
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executives, the own account workers and the skilled workers have the third and the fourth
position for men and their position are reverse for women. The last salaries are for the workmen
followed by the family helpers (the reference group in this regression).
In the informal sector, experience has a significant impact only for women. All else being equal,
the wage level of women is increasing with the number of years of experience at a decreasing
rate. Contrarily to the formal sector, the number of hours worked have a significant and positive
impact on the level of wages. In fact each additional hour of work yield 0.2% increase in the
wage level.
Contrary to the formal sector, the impact of working in the other activity sector than the
primary sector is positive and significant. All else being equal, the impact of being in trade is the
highest; it is followed by industry and services for men and by services and industry for women.
Whatever the sex of the individual, all else being equal, salaries are the highest in medium
enterprises, then in large enterprises and in small enterprises; the very small enterprises (the
reference group) comes at the last position.
On average, all else being equal, a person living and working in a capital city earn 28% more
than a person living in another part of the country. This rate is lower for men (27%) and higher
for women (30%). The coefficient of the Inverse Mills Ratio is significant and negative for all
three equations.
5.4.

Wage de composition and assessment of discrimination

As described in the methodology, we compute selectivity corrected wages that we decompose in
two parts: the first explained by the difference in characteristics and the second attributed to
discrimination. As shown in the bellow table, in the formal sector as in the informal sector, the
differential is positive and significant; meaning that on average men have higher salaries than
women. The size of that differential is higher in the informal sector. We can also see that both
parts of the differential are significant and that the contribution of the discrimination in the
formal sector is higher (78% of the differential) than in the formal sector (34%). So according to
our study, there is evidence of significant discrimination in urban labour market in Cameroon.
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Table 1 : Oaxaca Blinder décomposition

Group 1
Group 2
Differential
Explained part
Unexplained part
(discrimination)
Number of observations

Formal
Group 1= Men
Group 2= Women
11.95***
(0.00238)
11.25***
(0.00462)
0.706***
(0.00519)
0.152***
(0.00491)
0.554***
(0.00239)
1363

Informal
Group 1= Men
Group 2= Women
9.858***
(0.00268)
8.850***
(0.00311)
1.009***
(0.00411)
0.669***
(0.00391)
0.339***
(0.00161)
5804

Standard errors in parentheses *** p<0.01, ** p<0.05, * p<0.1
Source : EESI 2010
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6. Conclusion and recommendations
The aim of this work was to analyse the gender wage differential in urban labour market in
Cameroon in order to determine wheter or not discrimination exist. For that we first ran
mincerian equation of wages corrected for the two selection processes employed people pass
through: the working decision and the selection in either the formal or the informal sector. At
the end of this work we find an important differential between men and women in both sectors
and a non neglectable part of these differentials is due to discrimination. In fact the unexplained
part of the differential accounts for 78% in the formal sector and for 34% in the informal sector.
The main limitation of this work is that, as there is an absence of detailed controls for all possible
relevant factors of job characteristics and person-specific skills, the unexplained differential is
not an exact measure of discrimination, this differential is likely to overestimate the magnitude
of discrimination (Macpherson and Hirsch, 1995). However, as in our results, when the
unexplained differential is a large percentage of the total differential, the possibility of gender
discrimination cannot be completely ruled out (Blau, Ferber, and Winkles, 1998).
As recommendation from these results, Cameroonian government should put an emphasis on
the anti discrimination laws at every step to the labour market and even in the labour market.
They should promote gender equality by for exemple increase the number of women in the
public sector. Government should also give equal opportunity for educational attainment to
boys and girls and improve the quality of education. As education is a time and money
consuming investment it should act as a role to improve one’s productivity rather than simple
signaling. Only through improved quality combined with necessary incentives and regulations
can education narrow the gender wage gap. For the informal sector, government should give
more incentive to women to create their own enterprises by giving them easy access to
vocational training for example. Thus state intervention and incentive provision and regulations
are among the measures to be combined with education and general public awareness to tackle
wage discrimination effectively.
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ANNEXES
Working decision
all

Men

Women
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Sector Choice
All

Men

Women
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Wage determinants
In the formal sector
All

Men
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Women

In the informal sector
All

27

Men

Women

28

Correction terms
All

Men

Women
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Oaxaca decomposition
In the formal sector

30

In the informal sector
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